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I nteractive Graphic Object Layout with Genetic Algorithms
Toshiyuki MASUI

Information System R& D Center

Corporate Research and Devel opment Group
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Conventional automatic graphic object layout algorithms are complicated, single-purpose, and often
full of heuristics. They do not allow usersto changetheir behavior during computation. We devel oped
a genera-purpose interactive graphic layout system GALAPAGOS based on genetic algorithms.
Genetic algorithms are stochastic agorithms which simulate evolution through natural selection.
GALAPAGOS is general-purpose because graphic objects are laid out not by specifying how to lay
them out, but just by specifying the preferences for the layout. GALAPAGOS can not only lay out
complicated graphs automatically, but also alow users to modify the constraints at run time so that
they can tell the system their own preferences.
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int evaluategene(

{

char *gene)

int val = 0;
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f(00000000000)

val += ( gooo)*100;
}
}
for(DOD0ODOOXK
val += sqr( goooo -

ooooooooy)

}
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return val,
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